Optimizing the classification of observers into distinct and diverse categories
Nicolaas Prins

'0Or: any one of any number of populations
’Many other options exist
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Stimulus Intensity

The two populations are displayed here by mode (solid line) and 68% and 95%
high-density regions. Symbols indicate placement of trials. Area of symbol
proportional to proportion of trials. Color of symbol corresponds to category
membership of the simulated observer. Filled: Optimize category membership
only, open: optimize all free parameters (location, slope, and category).

Color of line: Category membership of simulated observer
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Solid: Optimize category membership only, broken: Optimize everything.
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